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ABSTRACT

The Holy Quran is a sea of words, articulations, phrases, regulations, laws, and
judgments. Therefore, when we dive in the Quran verses we need a large amount of
information in various aspects to achieve the required knowledge. The word (Al-Noor)
is one of the Quran's vocabularies, which enjoys a special place, and this privacy came
from the specificity of the Quran and its sanctity. The word (Al-Noor) has one
pronunciation and many meanings and vocabulary.

The research has sought to know God's lights: “the science, the guidance, the
kernels, and faith “the closest and most intense and congregated of the verse (35/Al-
Noor). Furthermore, this verse was chosen due to it speaks about the Sultan of Allah
Almighty and god's light. Finally, the research has used the algorithm of “subtractive
clustering and weighted subtractive clustering” measured and Matlab language (2013)
to achieve the practical aspect of the study.

Keywords: Al-Noor, Artificial Intelligence, subtractive clustering Algorithm, Weighted
subtractive clustering.
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