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Use of Box-jenkins Method and Fuzzy Logic

in the Prediction and Control of time series
ABSTRACT

The main objective of the statistical methods address the issue of predictability
and quality control within the required quality standards and take advantage of the
capabilities of computer in the preparation of a computer program to accomplish the
tasks of our study, hence this research of a prediction for the testing of water in a Box
— Jenkins method for its ability to deal with non-stable time-series and even non-
linear and then calculating the rates of the tests, projects and control in Fuzzy logic .
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